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“Envision” a novel visual object Zero-shot synthesis

Group-Supervised 
Learning

Knowledge 
Factorization[1]

Controllable
Disentangled 

Representation Learning

[1] Logothetis et al., 1995.



Group-Supervised learning (GSL) allows us to decompose inputs into a disentangled representation 
with swappable components, that can be recombined to synthesize new samples.
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Controllable Disentangled Representation Learning

VAE DP Kingma, et al. 2016

Unsupervised Supervised

StarGAN Choi, Yunjey, et al. 2018

Supervised

ELEGANT Xiao, T. et al. 2018 
Group-Supervised Learning

(Ours)
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Given: Dataset --> Multi-graph

Letter : A

Font color : red

Size : large

Font : Abadi 

Background color : orange

Fonts: http://ilab.usc.edu/datasets/fonts
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Goal: Controllable Synthesis by Disentangle Representation Learning
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Group-Supervised Learning

Controllable Disentanglement: (1) Predefine partition (2) Mine the similarity by attribute swap.

Only reconstruction loss
Easy implementation and stable training
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Qualitative Results 1 --- iLab-20M [1]

[1] ilab-20m: A large-scale controlled object dataset to investigate deep learning. Borji, A., Izadi, S. and Itti, L.,  CVPR 2016
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Qualitative Results 2 --- Fonts
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Fonts: http://ilab.usc.edu/datasets/fonts



Qualitative Results 3 --- RaFD [1]

[1] Langner, Oliver, et al. "Presentation and validation of the Radboud Faces Database." Cognition and emotion 24.8 (2010): 1377-1388.
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Quantitative Results 1 --- Disentanglement analysis



Quantitative Results 2 --- Data Augmentation
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Fonts: http://ilab.usc.edu/datasets/fonts

Font dataset

Primary motivation : allows fast testing and idea iteration, on disentangled representation 
learning and zero-shot synthesis.



Group-Supervise Learning
Paper: https://arxiv.org/pdf/2009.06586.pdf
Code: https://github.com/gyhandy/Group-Supervised-Learning

Website:

https://arxiv.org/pdf/2009.06586.pdf
https://github.com/gyhandy/Group-Supervised-Learning

