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Overview

e attention-centered Neural Network Potential (NNP)
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* molecular dynamics simulation or quantum
mechanical property prediction
* |ayered architecture allows efficient encoding of

many-body interactions

* improved force predictions through the use of
rotationally equivariant features

* fully differentiable, CUDA-optimized, conservative L > 2
force field ¥ update
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Attention Weight Analysis

e attention weights highlight differences in QM9, MD17 and ANI-1
e core structural atoms are most important in static data (QM9)
* hydrogen is attended most when trained on dynamical data

(MD17, ANI-1)

 ET learned chemical representations of the underlying data
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code available at github.com/torchmd/torchmd-net
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