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Problem Definition

Pure 3D geometric setting.

• Pretraining: a large molecule 3D dataset (1M from Molecule3D [1]).

• Downstream tasks:


• QM9: quantum mechanics prediction.

• MD17: force prediction.

• LBA & LEP: ligand-pocket binding prediction.


[1] Xu, Zhao, et al. "Molecule3D: A Benchmark for Predicting 3D Geometries from Molecular Graphs." arXiv preprint arXiv:2110.01717 (2021).
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Key Concepts: PES & Coordinate Perturbation

Coordinate perturbation is important!
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GeoSSL: Geometric Self-supervised Learning
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GeoSSL-DDM: Denoising Distance Matching
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Experiments
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Thank you!
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