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TL;DR: Existing benchmarks for MLLMs face limitations such as small data scale, model-based annotations, and insufficient task difficulty, hindering their ability to measure real-world challenges. To
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address these issues, we introduce MME—-RealWorld, a large—scale, manually annotated benchmark with high-resolution images and complex real-world scenarios, revealing that even advanced models like A

GPT-40 and Gemini 1.5 Pro struggle to achieve 60% accuracy, highlighting the urgent need for improved perception and understanding capabilities. Sf;uirrgl Al
earning
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» Data Scale Many existing benchmarks contain fewer than 10K QA pairs ;

» Annotation Quality Some benchmarks, while larger in scale, rely on annotations generated by LLMs or
MLLMs, whose annotations are inherently limited by the performance of the used models.

» Task Difficulty The top performance of some benchmarks has reached the accuracy of 80%-90%, and
the performance margin between advanced MLLMs is narrow.
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» Data Scale We have manually annotated 29, 429 QA pairs focused on real-world scenarios.
> Data Quality
» Resolution: The images have an average resolution of 2, 000x1, 500, containing rich image details.
» Annotation: All annotations are manually completed.
» Task Difficulty and Real-World Utility
Even the most advanced models have not surpassed 60% accuracy.
» MME-RealWorld-CN We collect 5, 917 QA pairs focusing on Chinese Scenarios, annotated by Chinese
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Some open-source models exhibit limited instruction—following capabilities
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