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• Text-to-Image Models struggle to understand compositional relationships 
between objects and attributes, especially in complex settings. 

METHODOLOGY ResultsMOTIVATION
Step 1: Data Construction 

Introduction

• Contrastive compositional dataset. We introduce CONPAIR, a 
meticulously crafted compositional dataset consisting of high-quality 
contrastive images with minimal visual representation differences, covering 
a wide range of attribute categories.

• EVOGEN: Curriculum contrastive learning. We also incorporate 
curriculum contrastive learning into a diffusion model to improve 
compositional understanding.

Step 2: Curriculum Contrastive Fine-tuning 

We apply contrastive loss during fine-tuning across three stages, from simple 
to complex. Given a positive text prompt, and a pair of contrastive images:

Given a text prompt, we will generate one positive image and one negative image, 
by leveraging VQA model and LLMs to guarantee the faithfulness between 
generated image and text prompt. 

User Study 

Text-Image Alignment in Dataset 

We conducted a user study to complement our 
evaluation and provide a more intuitive assessment 
of EVOGEN’s performance.

Alignment Evaluation 

Applying VQA 
checker consistently 
improves text-image 
alignment.

Contrastively Finetuning on synthesized dataset effectively 
improves alignment ability progressively across multi-stages. 


