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Federated learning is vulnerable to untrusted clients
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Robust aggregation (RobAgg)
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F : (v1, …, vn) ↦ ̂v
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Coordinate-wise Trimmed Mean (CWTM)
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Lower bound

 out of  clients are adversarial (Byzantine)f n

Proposed scheme: Adaptive Robust Clipping (ARC)
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Worst-case accuracies over MNIST, distributed over 10 honest clients 
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